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from sklearn.decomposition import PCA

pca = PCA(n_components = 2)
X2D pca.fit transform(X)



4% =4 H|E

« explained_variance_ration_ &d #H=: 2 FHE0] Clist | GO[E{AMle] 24 H|E
X

o Of|A|: Ofz AfY 120 A EHEl 3R H|O[E{Alo] F 2.



or
K
ol
K
Kl

0] 95% Nk E|E 2 5=

St
=]

(o}
.+ GlOJE] AjZtat SX0| B2 27} i 37

| =LhH|E

1%l

Hb5:
210

INEEh

ol

S|
1=



F2l Atofe] e o &8

>

H =4t HlEel gt

. M3 2410| H|S0| §o| F717} 2Bt 5t K| (elbow)ofl FAIE 2.

0 50 100 150 200 250 300 350 400
A 5



o MINST G|O|E{MlIe] =M 2 BEM S E5l| 95% HEo| 24t

ALE3E .
o OF2ff ZE: 1647 == AtESI0] RHAFA517|

pca = PCA(n_components = 154)
X reduced = pca.fit transform(X train)
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rnd pca = PCA(n_components
X reduced = rnd pca.fit transform(X train)

154, svd _solver="randomized")
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from sklearn.decomposition import IncrementalPCA

n_batches = 100

inc_pca = IncrementalPCA(n_components=154)

for X batch in np.array split(X train, n batches):
inc_pca.partial fit(X batch)

X reduced = inc_pca.transform(X train)
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IncrementalPCA(n_components=154, batch size=batch size)
inc_pca.fit(X mm)
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np.memmap (filename, dtype="float32", mode="readonly", shape=(m, n))
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from sklearn.decomposition import KernelPCA

rbf pca = KernelPCA(n_components = 2, kernel="rbf", gamma=0.04)
X reduced = rbf pca.fit transform(X)
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clf = Pipeline([
("kpca", KernelPCA(n_components=2)),
("log reg", LogisticRegression(solver="1lbfgs")) 1)

param grid = [{
"kpca gamma": np.linspace(0.03, 0.05, 10),
"kpca__kernel": ["rbf", "sigmoid"] }]

grid search = GridSearchCV(clf, param grid, cv=3)
grid search.fit(X, y)
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from sklearn.manifold import LocallyLinearEmbedding

lle = LocallylLinearEmbedding(n_ components=2, n neighbors=10)
X reduced = lle.fit transform(X)
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https://scikit-learn.org/stable/modules/manifold.html#locally-linear-embedding
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https://scikit-learn.org/stable/auto_examples/manifold/plot_lle_digits.html#sphx-glr-auto-examples-manifold-plot-lle-digits-py

